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15 Skew Normal Distribution

16 t-Student distribution
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Figure 1.Bitcoin Daily Price Trend (2015 to 2023)
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Figure 2.Bitcoin Daily and Weekly Returns (2015 to 2023)
Source: Research Results
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Table 5.Data from ARIMA(1,2)-GARCH(1,1) Model - Bitcoin Daily Return

Source : Research Result
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Table 8 .Criteria Results for Daily Return Time Series
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Table 9 .Criteria Results for Weekly Return Time Series
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Table 10. Diebold Mariano Test Results for Daily Return Time Series (all Models)
Source : Research Result
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Table 11 .Diebold Mariano Test Results for Daily Return Time Series (MIDAS Models)
Source : Research Result
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Table 12 .Diebold Mariano Test Results for Weekly Return Time Series (all Models)

Source : Research Result
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Table 13. Diebold Mariano Test Results for Daily Return Time Series (MIDAS Models)
Source : Research Result
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